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Abstract

This article is focus on presenting future research frame-work by deploying A.l. analytic
method as a tool for analyze Thai “ political situation” on political consciousness through
economic background, politic party supporter life style, and basic cultural logic of Thai politic
setting. Utilizing neuro network technic for analyzing a set of more than 100 intangible
variables for access the general consciousness of political party supporter which result to their
direction of movement. Moreover, the presenters propose frame-work of utilizing Deontic
Logics in finding the resolution the conflicting Thailand, which compose of 10-15 political
groups and 50-60 political issues. On this, the concepts of “Obligation”, “Permission”,
“Prohibition” and “Right” etc. Compose Deontic Logic which the presenters could analyze
and synthesize “ Conformity” and “Dissonance” of the system. This identification might

hopefully lead to the resolution of society.
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Human Based Ideal Rationality

Reasoning Based: Systems that think like Systems that think rationally.
humans.

Reasonior Based: Systems that act like Systems that act rationally.
humans.
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